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W riting Numbers Identification by Projection
in Seven Segm ents Fram e* 8”

MA Btyan ZHENG Sheng-lin ZHAO Quan-you
(Faculy of Infom ation Engineering Guangdong Un wersity of T echnobgy Guangzhou 510640, China)

Abstract According to the fact that the electronic screen just needs a frane “8” to denote the 10
nunbers fran 0 to 9 it 5 attanped to take the numbers as a whole to be put to the fran e “8” and then
recognized This text is put foward accodng to the trad bnal recognition method the beelne is used
to poject while bias used in trad bnal recogniton m ehhod Projectbn ismade to each frane of the
frame “8” accord ng to the shell character of the digif and hand-w rithg num bers are changed to stand-
ard seven segn ents fran e numbers which can pred gest he distilling of the feature of the number

Cam pare to the trad bnal recogn ition m ethod this one can be carried outmuch more easily lts vald ity
is proved I our experin ent

Key words digit recognitbny  fran e “8”; pwjection

(L3 112M)

Neural Network Face R ecognition
B ased on Length Extension Technique

ZHANG Chen PAN Bao-chang ZHENG Sheng-1n LU Y +1tao
(Faculy of Infom ation Engineerng Guangdong Un wersity of T echnobgy Guangzhou 510640, China)

Abstract A fier a great deal of investigatbns on he prnciple of BP model and he structure of the
neural nework tis paper manages to demonstrate how to increase the convegent speed of the BP
neural nework by optim izing the nput of the netwoik. Further more a creatve optim izaton tech
nique— length extensbn technique, is presented here to mprove the perfomance of neural network

A fier lots of experm ents this paper successfully ncreases the convergent speed of the BP neural net
work

Key words face recogn ition K-L expansbn BP neural nework length exiension technijue (LET)



